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- The Challenge

Adipose tissue

Background

e Breast cancer is one of the most e No routine breast density reporting in the UK
common cancers worldwide, but we o ‘Gold standard’: visual mammogram assessment
is more treatable at early stages' | % .. e Time-consuming & subjective — resource strain

e Breast density: proportion of e Our aim: an automatic & reliable estimation tool,
glandular tissue in the breast using spectral X-ray imaging & Al analysis for

e |A high breast density is linked to a greater cancer risk? risk assessment during breast cancer screening
Our Approach
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e ‘Colour X-ray imaging’: extra
iInformation analogous to

spectra to make accurate
predictions
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e Spectra contain tissue
properties — breast density

This can be used by clinicians to

Al analysis: |
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screening pathways

e Fast results = low workload IBlEiIede T rergy tev) 5
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Proof-of-Concept Study Conclusions
e The Al model was trained on 2,000 simulated spectra e Al can be used to determine breast density
o Tissue-equivalent slabs over a realistic range of from spectral X-ray data
thicknesses & densities e Future work will focus on increasing breast
e Results show excellent P MSE: 0013+ 0.002 % **"‘ realism, including experimental data, &
agreement between g 80 A iInvestigating model explainability
: 2 x . . . . .
true breast density & ¢ v o A reliable estimation tool will help inform
the Al model’s 8 A tailored screening pathways, improving patient
oredictions g & imisi
: e outcomes & optimising healthcare resources
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